Abstract. The study of dynamic data management is one of the hot topics among the Human Resources Information System (HRIS). Although it has been studied extensively, a new kind of data, named streaming data, which have been appeared on the HR such as real-time monitoring of employee, is not well understood, because of its rapid data arriving speed and huge size of data set. This paper describes the basic model and the architecture of a new system to manage human resource data streams for real-time applications. We first provide an overview of the basic model and architecture and then describe in detail a stream-oriented set of operators. Ultimately, the experimental result shows that the model offers a better way of dynamic human resource data management that cannot be achieved with existing schemes.
Introduction
Growth of Human Resources Management System (HRMS) continues. The HRMS function consists of tracking existing employee data which traditionally includes personal histories, skills, capabilities, accomplishments and salary. The purpose of any HRIS is to provide its users with information, for the most part, a HRIS uses a relational database to store and categorize all the separate data files, which are linked by some common elements.
A problem in HRMS surfaces when the applications scale in terms of number of data providers and data consumers and in the richness of information exchanged. Specifically, needs mismatches begin to occur. The study of dynamic data plays an increasingly important role in database research, there are lots of data stream management system (data stream management system, referred as DSMS), including the STREAM project at Stanford University [1] , the Telegraph project of the University of California [2] , Berkeley, Brown University, and hemp Institute of Technology cooperation Aurora project [3] . Industry-specific backgrounds, more comprehensive data management solution is given. On the other hand, data mining technology based on flow data model has been extensively studied, including doing cluster analysis, decision tree analysis and density estimation [4, 5] . The core of the data stream is the summary of the design of data structures. Traditional solution methods have suffered from the classical ensemble average limitation presented by analysis of low-level characteristics, therefore, the human resource data gathered are sometimes inconclusive and, in part, contradictory. Different base classifiers can be integrated into this framework according to different application requirements, which provide the flexibility of using this approach across a wide range of domains.
To overcome these problems, we will begin by looking at some defensible models, which are suitable for management of dynamic human resource data. Streaming model provides a multifaceted, dynamic, and robust framework for assembling realtime applications, which is suitable for our aim. In this paper, we propose a general framework that is capable of stream data. Dynamic message can be integrated into this framework according to different application requirements, which provide the flexibility of using this approach across a wide range of domains.
Related Works
In the last two decades researchers have started to show interest in the field of HRIS though they focused more on areas such as predominate of HRIS [6] , conditions for successful usages [7] , use of HRIS and current usages patterns [8] , areas in HRIS implementation [9] [10] [11] , and achieving competitive advantage [12] . Current studies have investigated HRIS adoption determinants in Singapore and Australia [13, 14] . Van Vo proposes a novel framework based on data mining technologies for making a prediction of business environment [15] . However, these authors agreed upon there is a paucity of research in the area and especially it is necessary to investigate to which extent those factors affect adoption of the system. Further work is also essential in addressing HRIS adoption in the private sector organization as research is currently lacking in those areas. Thus, researchers aim to investigate influencing factors of HRIS adoption, identify to what extent those factors affect the HRIS adoption and finally, examine the relationship between factors influencing the adoption of HRIS and perceived effectiveness of HRIS.
There are lot of terms in use for these systems, but the most common is the following: e-HRM (e-Human Resource Management), HRIS (Human Resource Information Systems) and HRMS (Human Resource Management Systems). We must know that there is an elemental difference between e-HRM and HRIS. HRIS, as human resource information system, has straightforward implementation in the HR department and employees in this department are users of that system. Enhancement of HR Department is the principal goal of HRIS, which will indirectly improve business. Term e-HRM covers services not only for HR department, but also for a wider range of employees, potential employees and management. Those services are available over Internet or Intranet. The difference between HRIS and e-HRM could be described as a transition from the automation of HR Services (Transactional Systems) to IT support of HR information (Management Information Systems). Apart from that, HRIS can be seen as a database system or a series of interconnected databases, and HRMS as software that can combine multiple HR functions [16] . The differences between the two systems are quite blurred so these terms are in use as synonyms in many references. In this paper term HRIS will be used in a wider context, because the Advanced Science and Technology Letters Vol.45 (CCA 2014) aim of this paper is not intended to define the term precisely, but to give an insight into the importance and necessity of introduction of modern information technology in the processes of HRM. The aim is to comprehensively show the role of HRIS systems, their evolution, structure, advantages and possible shortcomings, as well as the process of implementing systems in the organization and to highlight the importance they play in modern business.
However, this particular paper only focuses on a part of the whole research and aims to identify factors influencing HRIS adoption in organizations. This investigation was done using archival research method where the researchers analyzed the data based on secondary resource.
We make a set of definitions as blow: Definition 1. A block is a array of data related to the monitor of HR, We define a new block as data set D t−1 , with m instances: {X i , Y i }, (i = 1, …, m), where X i is an instance in the feature space X and Y i ∈Y = {1, 2, . . . , c} is the class identity label associated with X i . Definition 2. We define the combination stream A, to be a stream that represents the combined stream of all participants, where the combined stream is the sum of the participant streams. In addition, a new data set D t , with m' instances, where m' may or may not be the same size as m, and can be represented as {x j , y j }, ( j = 1, . . . ,m').
In this context, the number of items in B is defined as j, i. It represents the width of the burst and j, i≤n, the size of each window. Also, observe that i and j can be equal, so a burst can contain a single item.
Definition 3. We define B as a subset of a stream A, which having a magnitude that deviates significantly from the average magnitude of previous windows of a stream.
In the simplest case, creating the combined stream requires communicating each participant's stream to a central location. The time needed to send a participant's stream is the participant's communication cost.
Definition 4. Uncertain Data Stream (UDS). An uncertain data stream (UDS) contains a sequence of uncertain contents, formally, UDS = {S 1 , S 2 , … , S N }, S are in increasing order of their arrival time, and we assume the element S i arrives at timestamp i. Each uncertain tuple S i is only alive between its arriving and expired timestamps, which is determined by the size.
Experiments

Data Preparation
In this section, we compare the proposed method with other methods. The experiment includes information from 3 semantic concepts; each concept has many sub-concepts, as shown in Table 1 . Each concept represents the set of objects sharing the same values for a certain set of properties; and each sub-concept contains a subset of the objects in the concepts above it. Table 2 shows the results from the query performance after the processing step. It contains information regarding to how many time we have used. 
Experimental Results
Conclusions
Sensor systems and Internet of Things offer new opportunities for building applications that have information and control in HRIS previously very difficult or even inaccessible. After the acquisition of the human information, a major problem of data storage and exploitation arises, particularly for systems that dealing with realtime. The manuscript has contributed in the construction of the specific building which is not easy because the data management techniques used in traditional databases are not generally suitable for sensor networks because of their specificities.
